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As a result of widening the spectrum of communication, dissemination and implementation of 
scientific research results, in 2020 was founded the association journal (magazine), issued under the 
name The Journal of CIEES appearing both in print (ISSN: 2738-7283), and online  
(ISSN: 2738-7291) format with DOI: https://doi.org/10.48149/jciees. 

The Journal of CIEES is published in English and it is open access, peer-reviewed international 
scientific journal publishing papers submitted by authors themselves for publishing and invited by 
the Editorial Board. The Journal of CIEES covers all the essential branches of theories, 
technologies, systems, tools, applications, work in progress, and experiences on all theoretical and 
practical issues arising in telecommunications, electronics, signal processing and applications, 
information technologies, energy systems and etc. 

As always, many people have contributed to this issue including all authors, the anonymous 
reviewers, the Associate Editors, the Editorial Advisory Board and, of course, our outstanding 
production team. We wish to acknowledge each individual’s contributions, and to also express our 
gratitude for everyone’s commitment. We hope you enjoy this first issue of The Journal of CIEES. 

We have had the privilege to publish truly outstanding, quality manuscripts that, judging by the 
response of our reviewers and readers, are important contributions to their respective fields of 
research. We want to take this moment to thank all of our reviewers and authors for entrusting us 
with their discoveries. 
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Abstract: Individual and group mobility is an essential information for numerous 
segments of technology (including transport and logistics), society, and economy. 
The ability of telecommunications devices, such as smartphones, to collect accurate 
and reliable data on personal mobility with the embedded sensors, inspires research 
in personal mobility. We confirm the ability of suitably defined indicators to compare 
sets of trajectories, and identify outliers/differences among the individual ones. 
Furthermore, we demonstrate development of a machine learning (ML) regression 
predictive model based on experimental data collected on the real urban environment 
of the city of Krapina, Croatia, suitable for utilisation in personal mobility analysis, 
and traffic and transport planning and optimisation. 
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1. Introduction 
Individual and group mobility is an essential 

information for numerous segments of technology 
(including transport and logistics), society, and economy. 
Different methods for mobility analysis and estimation 
exist, based on a wide range methods for different data 
collection. The ability of telecommunications devices, 
such as smartphones, to collect accurate and reliable data 
on personal mobility with the embedded sensors, inspires 
research in personal mobility. A Rich set of mobility 
related sensors, including a GNSS receiver and 
accelerometers, embedded in modern smartphones render 
a fundamental framework in support of the 
telecommunications-related Location-Based Services, but 
may be exploited in a range of other applications. 

The fact leads to attempt to analyse data in a 
systematic manner, using methods of trajectory analysis 
[1] deployed as a bespoke software developed for the 
purpose of this research using the special library trajr [2] 
in the R environment for statistical computing [3] using 
its RStudio Graphical User Interface (GUI) [4]. We 
attempted to confirm the hypothesis of ability of suitably 
defined indicators to compare sets of trajectories, and 
identify outliers/differences among the individual ones. 
Furthermore, we aimed at showing that the analysis of 
multiple trajectories on similar paths in a given 
transport/traffic network may yield the objective indices 
of variance in trajectories, thus justifying consideration of 
their utilisation for traffic and transport planning and 
optimisation. In practical demonstration of the 

assumption, the trajectory analysis presented allows us to 
develop a machine learning (ML) regression predictive 
model based on experimental data collected on the real 
urban environment of the city of Krapina, Croatia. 

The research presented comprises tasks as follows: 
Global Navigation Satellite System (GNSS) position 
estimate collection in scenario of individual mobility, 
data cleaning and collation, aggregation of GNSS 
position estimations into trajectories, spatial data analysis 
and mobility analysis, graphical presentation and 
interpretation of the results. Methodology, research 
results, and discussion, resulting from this research, are 
presented in the rest of this document.  

2. Material and research scenario 
GNSS position estimates, taken by a GNSS receiver 

embedded in an Android smartphone, served as a raw 
material. In the period between 6 July, 2022 to 20 
August, 2022, with 119 records in total, a path was 
walked by one of us (BS) between the place in Dolac 
Street, Krapina, Croatia and the Krapina University of 
Applied Sciences (KUAS) building, through the city 
centre of Krapina, Croatia, as shown in Figure 1. Figure 1 
was prepared using a tailored programme developed for 
the purpose of this research in the open-source R 
environment for statistical computing [5], and utilised 
spatial data from the open-access OpenStreetMap 
database, and the R-library called leaflet. Slight 
diversions and variations of the path walked were 
introduced intentionally to allow for variances in the 
trajectories. 

The AndroSensor, an Android-based application, was 
used to collect GNSS position estimates twice every 
second (sampling period of 0.5 s). 

 

© The Author(s). Published by CIEES 
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R library, and assigned to every trajectory of the 119 
element set. 

Fractal dimension of a trajectory is regarded as a 
measure of a geometrical smoothness of the trajectory 
concerned. It allows a researcher to get a better insight in 
effects of local topography on trajectory development, 
without the need for a formal description of the 
environment surrounding a walker. Estimation of the 
fractal dimension index is based on the box-counting 
method proposed by B Mandelbrot in [7], and further 
refined for ecological/trajectory research by in [8]. In this 
research, a fractal dimension index value is determined 
based on the method [8] deployed in the trajr R library 
[6], and assigned to every trajectory of the 119 element 
set. 

Mean travel velocity extends an average value of 
velocity along the trajectory concerned. The trajr R 
library determines the mean travel velocity for a given 
trajectory as a vector [6]. This research utilises the length 
(absolute value) of this vector as a descriptive trajectory 
index. 

Duration of the path travelled for an individual 
trajectory is measured directly for every trajectory as the 
time difference between timestamps of end point (last 
position estimate in trajectory) and starting point (first 
position estimate in trajectory), respectively. 

Trajectory is described by its points, and the values of 
the above-stated indices. It should be noted that the 
information on the trajectory context (environment) is 
embedded indirectly within the set of indices. Multiple 
trajectory analysis is performed using the trajectory 
indices that were analysed using exploratory statistical 
methods applied on sets of trajectory feature values, as 
statistical variables [9]. 

This research suggests that the information content of 
trajectory indices allows for inference in relation to 
trajectories. This is justified with the demonstration of the 
application of machine learning methods for prediction of 
duration of the path travelled (one of the indices, serving 
as a target statistical variable) based on the knowledge of 
values of the other indices (those becoming predictors) 
for the specified trajectory. In the sense of supervised 
machine learning, several methods for regression 
predictive model development are applied on the Krapina 
experimental data set, with the aim of development of the 
predictive model that returns duration of the path 
travelled based on known values of diffusion distance, 
straightness, fractal dimension, and mean travel velocity, 
which characterise the manner the path was walked. The 
machine learning model development methods utilised in 
this research are, as follows: (1) k-Nearest Neighbours 
(KNN), (2) Support Vector Machine (SVM), (3) 
Classification And Regression decision Tree (CART), 
and (4) Random Forest (RF). Detailed outline of machine 
learning methods utilised may be found elsewhere in 
excellent references, including [10], and [11]. 
Particularly, Ceja in [11] outlined the foundations for 
machine learning in trajectory analysis and prediction, 
enhancing the motivation for the research presented. The 
four machine learning methods utilised will be described 
here comprehensively. 

The k-Nearest Neighbours KNN) algorithm is a 
simple non-parametric machine learning method that 
develops regression prediction model based on 
classification of samples using a reference distance 
metrics, and assignment of an average value of the target 
variable in the class to which the predicted sample 
belongs. 

The Support Vector Machine (SVM) method works in 
a similar manner to the KNN method, as it first classifies 
samples into classes, and determine the average target 
variable value of the class to which the predicted sample 
belongs. However, the means of classification is different 
from the KNN method, as SVM clusters data using a 
distance metrics, and then determines the separation 
plane between the groups. Using the kernel approach (1), 
the separation plane may be applied to non-linear cases. 

The CART method is essentially a decision tree 
method. It first analyses ‘vagueness’ in values of 
variables, and determines the order of appearance of 
variables along the structure of decision tree. The CART 
model returns one of the selected outcomes (target 
variable values) determined during the model 
development process based on experimental observations. 

Finally, the Random Forest (RF) method develops the 
predictive model by training a large number of decision 
trees, say 1000, every single one using a different sub-set 
of original data (observations of statistical variables). 
Faced with the new case (sample), decision trees will 
respond with their decisions, and their average is returned 
as the outcome of the Random Forest model. Compared 
with the other methods, the RF returns more robust 
model, which is very accurate, and not prone to over-
fitting (modelling noise, rather than signal). 

This research utilises deploymet of the above-stated 
predictive model development methods in the R 
environment for statistical computing, and in particular 
the specific cart R library [12]. 

Machine learning methods return models in an 
automated manner. Naturally, the process requires a 
methodical assessment of performances of the developed 
models, and selection of one that predicts in the optimal 
manner [13]. Model performance assessment is 
performed using a separate data set, not used in the model 
development procedure. This research splits the original 
set of statistical variables values into a training set, 
comprising randomly selected samples of amounting to 
80% of the original set, and a testing set, comprising the 
rest. The 80-20 split was originally proposed by Pareto 
[10]. 

The caret R package returns not only the model of the 
desired structure, but a set of performance indicators that 
allows of the model performance assessment and 
comparison with the other models. A good model 
generally balances its ability to model bias and variance 
in the phenomenon described by observations. In that 
terms, this research applies three essential criteria 
(performance indicators) to select the optimal prediction 
model for the purpose of prediction of duration of 
trajectory based on (diffusion) distance of points (position 
estimates) on individual trajectory, trajectory straightness, 
trajectory fractal dimension, and mean travel velocity. 
Performance indicators are derived from the so-called 
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Fig. 5. Box-plot of fractal dimension index of 119 

trajectories. 
 
Fractal dimension extends the level of broken lines 

consisting the trajectory under observation. Although the 
box-plot extends several outliers, the set examined seems 
to extend smoothness. 

 
Fig. 6. Box-plot of mean travelling velocity index, across 

the trajectory concerned, of 119 trajectories. 
 
Mean travelling velocity extends similarity, while still 

several outliers exist. 
The process of regression model development 

requires the examination of linear association between 
statistical variables. The correlogram of the variables 
involved is presented in Figure 7. 

 
Fig. 7. Correlogram of statistical variables (features: 

predictors and target) concerned. 
 
The correlogram depicts a general lack of correlation 

(linear association) both between predictors (in support of 
linear regression model development), and target and 
individual predictors (an obstacle for linear regression 
model development). 

The relation between target (duration) and individual 
predictors is more visible in the segmented boxplots 
panel, depicted in Figure 8. 

 
Fig. 8. Panel of box-plot diagrams with segmentation 

rendered in relation to target (predicted) variable duration.trj. 
 
Although diffusion distance does not extend a 

considerable alignment of box-plots with the ranges of 
target values, alignment is visible with the other statistical 
variables assumed as predictors. 

The four machine learning predictive model methods: 
k-Nearest Neighbours (KNN), Support Vector Machine 
(SVM), Classification And Regression decision Tree 
(CART), and Random Forest (RF), are applied to yield 
four predictive models. Performance of the four models 
are assessed by three criteria: MAE, RMSE, and adjR2, 
as outlined in Section 3. The performance assessment 
results are summarised graphically in Figure 9. 

 
Fig. 9. Performance indices Mean Absolute Error (MAE), 

Root-Mean Square Error (RMSE), and Rsquared for candidate 
predictive models developed using k-Nearest Neighbours 
(KNN), Support Vector Machine (SVM), Classification And 
Regression decision Tree (CART), and Random Forest (RF) 
machine learning methods. 

 
Model performance assessment is conducted using the 

cross-validation approach [11], which yields a set of 
performance indices values related to different testing 
sub-sets used. Figure 9 depicts box-plots of such sets. 
The performance analysis results returns the Random 
Forest model as the optimal predictive model for the 
problem of trajectory duration prediction, given the 
predictor variables values. The RF model evidently 
extends the smallest median MAE and RMSE, while at 
the same time covering the largest amount of variance, 
with median of approx. 75%. 

5. Discussion and contribution. 
This research aimed at assessment of the ability of 

several trajectory indices to serve as machine learning 
descriptors of mobility in the sense of trajectory 
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classification. We have shown the scalar geometry-based 
indices describe in trajectory accurately and robustly, 
while allowing for prediction process without the need 
for a local topography. The finding renders them possible 
predictor candidates for machine learning trajectory 
classification process. 

This research assumed the GNSS-based position 
estimation as flawless, thus presuming the variance in 
trajectory indices (descriptors) being caused by small 
intentional variations in path travelled. However, 
variances in trajectories may result in significant errors in 
GNSS position estimation caused by non-accounted for 
effects of space weather/ionospheric disturbances/storms, 
multipath, or deliberate cyberattacks (spoofing or 
jamming). 

This research will continue with assessment of GNSS 
position estimation error effects on trajectory 
identification and classification, and the risk assessment 
of potential misclassifications. 

Statement of open access to r software and data 
Authors have made openly available the collection of 

observations and the developed R-based software to 
interested scientists and researchers. Citation & access 
(after 1st December, 2022): 

Stoyanovski, B., Iliev, T., Cesarec, R., Filjar, R. 
(2022). Supplementary material (data & R script) for the 
manuscript authored by B Stoyanovski, T Iliev, R 
Cesarec, R Filjar. figshare. Dataset. doi: 
https://doi.org/10.6084/m9.figshare.21205304.v2 

Statement of contribution 
BS and RF conceived and designed study. BS and RC 

designed scenario and observation collection 
methodology. BS collected observations. BS, RF, and TI 
designed methodology for trajectory analysis and 
predictive modelling. BS, RF, and TI developed the R-
based software. BS and TI analysed trajectores, 
developed and assessed predictive model. All authors 
discussed results and drew the conclusion.  
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1. Introduction 
Multi Repository structures are popular among 

developer teams and companies. As a basic definition, it 
can be explained that the Multi Repository structure 
manages all packages and source code components in 
several repositories [1]. This allows each group of 
developers to focus on their part of the project and work 
independently. However, this approach introduces some 
difficulties. Since the project is separated into different 
modules, some tasks like testing, debugging, versioning, 
and even sometimes launching can create serious 
problems, which will delay the development. Comparison 
of the Multi Repository approach with Mono and other 
aspects of the Multi Repository structure was analyzed in 
detail in [2]. 

To overcome these and other related problems, 
software developers use Multi Repository Management 
Tools (MRMT). There is no unique description for this 
concept. The general definition is provided her for 
MRMT based on its main characteristics. MRMT is a 
software or service provider, which stores projects in one 
or more repositories and makes developer team 
collaboration possible. It is evident that MRMTs have 
much more capabilities than these two, but all of them are 
based on a basis of these two basic notions. Name storage 
of the project and help the developer team to work 
together. 

Among the MRMTs, Github is the most popular one, 
and other tools may be split in two main categories: 
Major and Minor Multi Repository Management tools. 
Major tools have their own local server for storing 
repositories, and can work independently from Github. 
However, Minor tools have very limited feature capacity 

and cannot work without Github. This paper focuses on 
the characteristics of these tools and present new findings 
about their general use. It is worth mentioning that there 
are dozens of such tools, but this paper will focus only on 
the most popular and promising ones. The followings are 
main questions which paper focuses on: 

RQ 1: What is version control? 
RQ 2: What are the main features of Github? 
RQ 3: Which VCSs have apparent advantages over 

Github? 
RQ 4: Which tools increase Multi Repository 

Management process of Github, and what are their 
signatures? 

RQ 5: What are the main features of Minor MRMTs? 

2. Literature review 
Most of the information about Multi Repository 

management tools in the literature is present in different 
internet forums or websites rather than in academic 
papers. Most of the Version Control Systems (VCSs) 
may also be treated as MRMTs. In short, it can be said 
that VCSs permit the acceleration and simplification of 
the software development process, and allow new 
workflows [7]. There are two main approaches in VCSs 
namely, centralized and distributed. The centralized 
Version Control System (CVCS) stores the development 
history in a central server, while the Distributed one 
(DVCS) does the opposite; that is, it saves copies of 
repositories in all machines [8]. Each of them has its pros 
and cons. This is why the choice of what type of VCS 
should be used can affect the whole development period 
as regards the size and intensity of commits. Another 
article [9] widely explains at which level this can occur. 
However, the authors only briefly mention a few most 
popular tools, and this paper gives a more detailed review 
here. There ares some of them, which had to be 
mentioned, for example, Github [10] and Mercurial [11]. 
These tools will be discussed in later sections in a more 
detailed way, but it has to be mentioned that Github has a 

© The Author(s). Published by CIEES 
Association Press.  This work is licensed 
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considerable role in the VCS field, with a market share of 
nearly 85% [12]. In this paper, Github Mining will be 
implemented to answer the previously mentioned 
questions. However, it is not an easy task. Since Github 
hosts millions of repositories, there are several cons about 
doing mining among them [13]. However, as described in 
the mentioned paper this problem can be avoided by 
implementing additional steps in presented algorithm. 

3. Differences between mono and multi 
repository approaches 

Starting from small individual projects to huge 
cooperative applications, the first task of developers is to 
choose the structure of the project. There are currently 
two main approaches to this. They are called Mono 
Repository, and Multi Repository approaches. Some big 
companies like Google have a long history of using the 
Mono Repository approach for their projects. Still the 
study described in [3] gives a clear view of the 
advantages and disadvantages of both methods. A 
comparison can be made according to the three main 
features of both methods, as provided in [3]. 

Visibility – According to the survey among Google 
developers, this may be considered the main advantage of 
having a Mono Repository structure. Developers 
mentioned the need for code to be accessible to all of 
them, which allows them to use the same code for all 
components and use the same development approach. Of 
course, this is also possible in the Multi Repository 
approach. Still, since each part of the project is located in 
a different repository, special permission has to be given. 

Choice of developer tools, consistent style, and 
toolchain – As also mentioned in the article Google has 
created its own tools. Since the whole project is in a 
unique repository, this means that all the developers have 
to use the tools, which were created or recommended by 
Google. It is also regarded as one of the greatest tradeoffs 
of the Mono Repository approach. Developers mentioned 
in the survey that sometimes they were forced to use 
tools, that they were not familiar with or comfortable. It 
may be beneficial to use a unique style and development 
language for the whole project, but it restricts the 
freedom of the developers, and this can have adverse 
effects. 

A version of dependencies – This is quite similar to 
above-mentioned themes. The Mono Repository 
approach forces developers to use the latest dependency 
and sometimes induces crashes or problems during the 
development phase. However, dependencies of different 
code portions do not vary in Multi Repository structures, 
and this allows developers to circumvent the diamond 
dependency problem. 

Cognitive load issue - This issue is handled by both 
repository structures using different approaches. The 
Mono Repository approach attempts to achieve this goal 
by increasing the visibility of code and tools. At the same 
time, the Multi repo approach uses separate small codes, 
and this increases the build and development velocity.  

Besides all these mentioned themes, both repository 
structure shows different behavior in several cases, which 
are described in [2]. In the end, it clearly can be said that 

the choice between two-structure types is not a solid line 
and has to be decided by checking different tradeoffs. 

4. Version control systems 
During the development period, there may be 

situations where developers end up with thousands of 
code, and in some cases, they would like to check older 
versions of their source code. Version Control Systems 
(VCSs) are widely used for this purpose. It is worth to 
mention that VCS are tools, that keep the tracking 
information of files and they access and collaborate 
between developers. There are two main types of VCS, 
namely Centralized Version Control Systems and 
Distributed Version Control Systems. 

Centralized Version Control Systems – uses one 
central repository approach. 

With these, a central computer or server stores all the 
files and versions of the project. Users can access some 
specific files or entire repositories to work. After 
finishing their work, the user has to “push” their changes 
with a commit message. After pushing these changes, 
other users have to “update” their files according to the 
new version of the repository. It should be mentioned that 
CVCS stores just the last version of a project, so other 
users always have to keep up to date about changes in the 
source code. During the development phase, users can 
use branches to implementing new features or 
functionalities. Sometimes branches may crash, but it will 
not affect the work process of the whole project. 
Branches can be merged into the source code after the 
testing and implementation of features. Branches will be 
discussed in more detail below. 

There are two main disadvantages of CVCSs, namely, 
single-point risk and low speed. As it mentioned above, 
CVCS contains only one central server for storing 
repositories. If it goes down, the whole project will be 
inaccessible, and the development process will stop. In 
addition, using one server creates another problem during 
the development phase. Users have to communicate with 
the central server for each command (create a branch, 
push, merge, and so on), and this creates a vast traffic 
overload for the server, and often induces a slow response 
from the server. 

Distributed Version Control Systems - This is a new 
approach for CVCS, and does not require any central 
server. It means that every user can have a full copy of 
the repository and use it without asking for permission 
from the main server. It also runs faster than CVCS 
because almost all the commands run on the local 
machine, so users do not need any network connection. 
Most of the terms described in CVCS are also applied in 
DVCS. One of the most significant drawbacks of this 
approach may be memory consumption. Since it stores 
the whole project, it will consume a lot more memory, 
but DVCS uses compression for decrease the repository 
size. This approach is faster, more flexible, and reliable. 
If one repository goes down then one of the users can 
upload their own version within seconds. Because of all 
of these properties, DVCS is used a lot in the 
development industry nowadays, and there are massive 
platforms that provide these services. These include 
Github and Mercury. 
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Besides these features, Github has a few more 
features, it provides all these almost free, and this has 
attracted millions of developers and created a vast 
developer community. Since it is so popular among 
developers, it stores more than 128 million public 
repositories. Because of this, even other big MRMTs 
store their repositories in Github. 

VCSs like Beanstalk, Helix core, Mercurial and Gerrit 
have some advantages over Github. All of these tools use 
Github as storage, but they also have public and private 
servers, which allows them to store their repositories. 
These features are listed below: 

Beanstalk - Unlike Github, it mainly focuses on 
private repositories, and this is why Beanstalk gets 
business more than Github. 

Helix core - One key difference is that it is centralized 
and not distributed like Github. It means Helix core stores 
all project files in one machine so not all developers will 
have a copy of the whole project as they do in Github.  

Gerrit - The code review is a key advantage of Gerrit 
over Github. Unlike Github, where users can have only 
one commit in a pull request, so the developer will not 
get confused when they come to check it.    

Mercurial - The learning period for Mercurial is much 
simpler than Github. Mercurial is viewed by many as 
more secure than Github. However, it should be 
mentioned that the same security level can also be 
achieved in Github, but it takes more effort and requires 
more knowledge. 

7.2. Main aspects of MRMTs 
During analysis of the features of the above-

mentioned tools, it became evident that some of them 
have similar aims, and this could prove helpful in 
identifying their main aspects. In addition, these aspects 
may be crucial because they highlight the weaknesses of 
Github. 

1) It updates several repositories at the same time - 
This is essential for the majority of tools. They do it in 
different ways, but in the end, all of them help users to 
update, (by “update” it means pull, push, etc.) several 
repositories at once. It saves a lot of time for developers 
and project owners, which overall increases the 
development period. It can also cause some problems in 

big projects, but most of the tools have different 
approaches to reduce this theatre.  

2) It monitors the development process - Github gives 
the user a detailed view of the development period and 
collaboration of developers among themselves. Still it 
cannot do the same with several repositories at the same 
time. Many tools were created for this purpose. They give 
a clear view of the contributors, work description of 
individual developers, commits, and so on. This 
information becomes crucial during the management of 
Multi Repository projects. The quality of this information 
may be different for each tool, but this is undoubtedly 
valuable since it is not possible to get it in Github. 

3) It manages third-party elements. This part is not 
fully covered in the managing Multi Repository project, 
but it is helpful in this area as well. Managing 
dependencies and different packages may become a 
nightmare owing to the MR project development, and 
there is no proper command or tool inside the Github 
platform to handle it. However, the tools, which are 
mentioned here, can do it quickly, and they can save a lot 
of time for developers. 

4) It improves review and pull requests. This feature 
is not common among MRMTs, but there are several 
tools, that do a great job and highlight the weakness of 
Github and other services. It is mainly used for big 
projects with tens of contributors. In this case, it becomes 
impracticable for project owners to manage all the pull 
requests, and perhaps not every contributor updates their 
projects according to new merges. Hence, this 
functionality seeks to overcome this issue by making the 
process more straightforward and more understandable. 

5) It manages the project build process. This is quite 
similar to the automation feature of Github. The main 
difference here is that the tools focus on building several 
repositories at the same time to make projects compatible.  

In Figure 1, it can be seen how popular these features 
are among users. The number of users has been 
calculated for each tool. It should be added that some 
tools may use one or more features from above list. If so, 
the user share of this tool will be added to all the features 
to maintain fairness. The features will be represented by 
their ordinal number given in the previous section. 

 

Table 1. Github Multi Repository Management procedures. 

Name Feature Signature 
Mepo Update, compare, compere, save components.yaml 
MR Update, list, offline .mrconfig 
Pull Update (all forks) pull.yml 
West Combine all repos, update, list west.yml 
Mention-bot Improve review and pull requests .mention-bot 
Zappr Improve review and pull requests .zappr.yaml 
Mrgit Manage project build process mrgit.json 
Talan CLI Manages third party elements .tln.conf 
DevOps & Swarm-mode Manage project build process docker-compose.swarm.yml 
Lerna Monitor development process lerna.json 
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Fig. 1. Percentage of features. 
 
Figure 1 can provide a good overview of which 

features are needed most for MRMTs. Nearly 35% of the 
users employ tools with the Improve review and pull 
request feature. This may be the greatest weakness of the 
Github platform since there is a considerable demand for 
tools like these. There are several reasons for this but the 
main one is the branching system. Of course, it is a key 
feature, but this brings several problems. For example, 
there may be vast amounts of branches in Multi 
Repository projects, and the review and pull request 
process can become a challenge for managers in this 
scenario. The percentage of the other three features is 
almost the same. This means that features like the 
Monitoring the development process, managing third-
party elements, and managing the project build process 
have nearly the same importance for users, but none of 
them is as important as the fourth feature. The least 
important feature is the first one presented in the last 
section. It is surprising that updating all the repositories at 
once is not a priority for users.  

These results may be helpful for a developer who 
wants to create a new MRMT. It offers us a clear view of 
the needs of the market and users, and it highlights the 
weakness of popular VCS and MRMTs. 

8. Measurements of MRMTs 
The database was created using the signatures of the 

tools above-mentioned and different statistics can be 
obtained with the help.   

1) Usage of tools over the years. 
Figure 2 provides a precise picture of the usage level. 

As can be seen, there was a considerable increase in both 
2017 and 2022.  

This paper analyzed projects only created until 
October of 2022 but still usage of tools in this year is 
significantly higher than others are. One of the main 
reasons for that can be increase in the usage of VCSs and 
different MRMTs. In addition, it seems that different 
weaknesses of several Major MRMTs are become more 
obvious, and developers rely more on 3rd party Minor 
tools. First years  during the  appearances  of  these  tools, 

 
Fig. 2. The general usage percentage of tools. 
 

most of them have been developed by individual 
developer by non-commercial purposes, and that can be 
reason for low usage of these tools until 2016. Between 
the years 2016-2018 usage of tools increased significantly 
comparing previous years and that is the period where 
several problems with Major VCSs become more and 
more obvious. Starting from 2019 the usage of these tools 
decreased again, this is the same period when Github 
added new features, which more or less solved some 
problems, and Minor tools again lost their popularity.  

All of these changes during the years shows the 
importance of Minor tools in this field. Some tools for 
example “Pull” even inspired Github to add similar 
features and one can say that these tools has a huge 
impact shaping this industry. 

9. Discussion and conclusion 
Here, the VCSs, MRMTs, branching, and different 

branching strategies have been reviewed. It should be 
admitted that most of these have already been presented 
in other research studies. Still none explained concepts 
like branching and versioning together and revealed 
connections between them as it done here. There are 
some excellent VCSs and MRM (Multi Repository 
Management) tools like Github, Mercury and Beanstalk. 
Still here, this paper also presented some less-known yet 
effective tools for Multi Repository management. They 
can boost productivity of development with a big 
community and several powerful features, but they have 
five main drawbacks, which are also the main features of 
minor MRMTs. These are the following:   

i) It should update several repositories at once - 
Which is not possible in major VCSs, and such features 
can only be incorporated by implementing minor 
MRMTs like “Mepo”, “MR”, and “Pull”.  

ii) When it comes to monitoring the development 
process - Github has some UI elements needed to support 
this feature. Still it lacks cohesion between different 
repositories at once, and developers need to use other 
tools like “Lerna”.  

iii) It should manage third-party elements - 
Unfortunately, major MRMTs, including Github, do not 
pay too much attention to this topic, and leave it to the 
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discretion of project owners. This is why some less 
important tools like “Talan CLI” or “Lerna” have been 
presented to solve this issue. 

iv)  Improve review and pull request – Here, the 
importance of pull request and branching in the first 
section have been mentioned and primary tools have 
some disadvantages in this area too. Pull requests may 
become a challenge when there are tens of branches, and 
merge requests and this often creates bottlenecks and 
reduces the speed of development. Tools like “Mention-
bot” and “Zappr” which are presented before could 
overcome this problem.  

v) Manage project build process - This function 
usually causes problems during the build process, as 
suggested by its name. Tools like Github use Automation 
to solve it, but it is not effective when there are several 
repositories, and all of them have to be used at the same 
time. “DevOps & Swarm-mode” and “Mrgit” are the 
tools that may be useful in such cases.  

Besides introducing less essential tools and their 
properties, this paper also presented “signatures” of these 
tools and provided sound methods for other researchers 
interested in this area. In the last section, two 
fundamental values were introduced, and they tell us 
something about the importance of tools and their use 
ratio over the past few years. 

This paper has analyzed several terms like Version 
Control, Branching, Branching strategies and Minor 
Multi Repository Management tools. Main features of 
VCSs have been analyzed. A unique Database has been 
created and several analyses, which has never been 
shown or discussed before, have been introduced in this 
paper. It has been proved that Minor tools has huge 
impact on VCSs, and therefore has to be taken account 
during project development process. 

Threads to validity 
It has to be taken account that measurements shown in 

this paper are created according to the collected 
repositories from Github. As it has been described in 
previous chapters, those repositories are identified 
according to the signature files presented in repository 
folder. However, it is known that some tools do not 
necessary need some configuration tool. Even in some 
cases, there is no such file, and that is why identifying 
usage of those tools inside repository is almost not 
possible. In addition, this is a rapidly growing field of 
programming and new tools emerge almost each month. 
Thus, popularity ratio of tools and needs of MRMT 
industry can be much different in upcoming years.  
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1. Introduction 
Today there is a problem in the efficiency of solar 

panels. The use of solar trackers increases the efficiency 
of solar panels by 30% due to the possibility of full 
tracking of the Sun.  But for the most part, such trackers 
work thanks to the use of various sensors tracking the 
Sun. Such sensors are very susceptible to climatic 
conditions, they also have a high level of wear, work 
differently in different regions and are not always 
accurate [1]. 

The demand for solar energy is constantly growing, 
since solar energy is environmentally friendly and 
affordable. The second reason for the relevance of the use 
of solar energy is its resource intensity. In just 9 minutes, 
the Earth receives more energy from the Sun than 
humanity produces in an entire year. This energy is 
supplied free of charge and has no impact on the 
environment. 

Solar energy is an area of significant investment in 
conditions of declining oil and gas reserves. Solar energy 
contributes to the reduction of global consumption of 
fossil fuels. 

Solar panels for the production of solar energy can be 
installed on your own roof. The generated energy can be 
converted into heat and stored in a battery that will be 
used for heating and water supply. 

The solar power plant contains a solar panel with a 
biaxial orientation system to the sun, on which 
photovoltaic modules containing linear photodetectors are 

installed as sensors for tracking the sun. Signals from 
photodetectors with the help of a microprocessor control 
the drives of the system of vertical and horizontal 
orientation of solar panels [2]. 

The disadvantage of this installation is the low 
accuracy of tracking the sun, and the photo sensors are 
also exposed to external influences. They get dirty, dusty, 
which leads to inaccuracy of their work. With a small 
cloud cover, the photo sensors cannot catch sunlight and 
do not turn the panel in the sun. This leads to losses of 
generated energy. When the photo sensor is set to high 
sensitivity, the tracker can turn the solar panel to 
moonlight, which leads to a waste of energy on turning 
the solar panel [3].  

2. Materials and methods  
The basis of the tracker device for GPS-based solar 

panels is the ARDUINO UNO microcontroller, since this 
controller meets the requirements for speed and the 
number of output pins. The real-time clock module c or 
its analog DS3107 is also used. Both modules work fine 
without any changes in the sketch. The system uses GPS 
in order to synchronize the real-time module to correct 
the course of the DS3107 once a month, these time 
inaccuracies do not have a large deviation value and, 
accordingly, do not affect the operation of the device as a 
whole, since there is no need for high accuracy of time 
measurement. The HX1230 display was used to display 
the information. The software provides for the input of 
the tracker response period, depending on the area of use, 
from 5 to 55 minutes. With the onset of sunset, the 
tracker automatically turns to sunrise, and is in standby 
mode. In this version of the software, you can use both a 
single-axis mechanism and a two-axis one. Before 
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Fig. 6. The ratio of height to time. 

4. Discussion and conclusion 
In this manuscript a new approach to the development 

of a solar panel guidance system on the sun was 
developed. According to the proposed approach a method 
for calculating the guidance of a solar battery on the sun 
has been elaborated. The angle of the tracker system 
position relative to the changing position of the sun is 
calculated. 

According to the proposed mathematical equations 
have been calculated the maximum and minimum 
azimuth of the sun, and the following paramathers: 

Solar right Ascension; Sunset; Dispersion; Equation 
of time; Equation of sunrise; Local solar noon; Local 

sunrise time; Local sunset time; Duration of sunlight; 
True solar time; Hour angle; Angle of solar zenith; Angle 
of elevation of the Sun; Approximate atmospheric 
refraction; Solar altitude adjusted for atmospheric 
refraction. 
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1. Introduction 
The Covid-19 pandemic has exposed the world to 

unprecedented challenges of managing socio-economic 
processes at national and international levels. Countries 
have deployed various counter measures, adjusting 
societal and economic activities to constrain the 
pandemic. 

Advances in information and communication sciences 
have allowed for collection, aggregation, and analysis of 
massive data sets of public health and societal activity 
indicators. Those include the structured observations of 
counter measures set on national levels to mitigate the 
pandemic. 

Here we report the research aimed at assessment of 
adequacy and effectiveness of the Covid-19 pandemic 
counter measures in the case study of the Republic of 
Croatia. Adequacy is understood as the ability to enforce 
the targeted counter measure with the appropriate or 
productive intensity. Effectiveness is considered the 
ability of the counter-measure studied, and imposed at the 
adequate level of intensity, to counter the daily number of 
newly infected individuals at the national level. We also 
address of feasibility of utilization of a single socio-
economic indicator, encompassing a number of specific 
ones, in association/correlation with the increase or 
decrease in number of new daily infections, nation-wide.  

The presented research aims at identification of 
productive counter measures, and their productive 
intensity levels, as a lessons-learnt experience with 
potential use for policy- strategy-development support, in 
potential similar future situations. 

The manuscript reads as follows. Section 2 outlines 
studied counter measures and statistical methods used to 
assess their adequacy and effectiveness. Section 3 
presents research results in the forms of figures and tables 

with appropriate explanations. Section 4 discusses 
research results, outlines the conclusions drawn, and 
summarizes contributions of the presented research to the 
general understanding of the subject. 

2. Method and material 
Croatia has a population of 3.899 million. It is 

situated in south-eastern Europe, while extending a 
diverse topography, which determines Croatia's socio-
economic framework, as depicted in Figure 1. 

 
Fig. 1. Map of Croatia. 
 
The economic profile of Croatia comprises activities 

yielding profit in tourism (15.9 % national GDP in 
2021.[1]), agriculture and food industry.  

Majority of Croatian citizens travel for the purpose of 
business, education, recreation, and health. Patterns of 
migrations range from daily migrations for work and 
business, weekend migrations for education (students 
traveling home from major cities were they study) and 
weekend recreations, and seasonal ones (tourism). 

The Covid-19 counter measures in Croatia tackles 
physical gatherings of individuals with the 
specific/unique effects on social and economic activities 
nation-wide. 
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The first cases of COVID-19 in Croatia were reported 
in late February 2020. By late-January 2022, cumulative 
infections exceeded 899174 with about 13566 deaths. 
The previous peak of new daily cases was reached in 
mid-November 2021, with about 5527 new cases reported 
daily. Total number of reported cases was 1.27 million 
and deaths 18127.[2]  

We utilize the daily number of new infections as 
collected by Our World in Data [2], and associate it with 
the database of counter measures and their intensity 
levels, as reported in database Coronavirus Government 
Response Tracker managed by University of Oxford. [3]. 

We identify adequacy and effect of the imposed 
counter measures, with the aim to identify those 
producing the containment results. 

This Section outlines the methodology, and describes 
the original data used in the presented research. 

2.1 Material  
Data sets examined in the presented research 

comprises those collected from Websites Oxford 
Coronavirus Government Response Tracker [3] and from 
Our World in Data [2], with methodology and data 
description. Time series examined in the paper: (1) Daily 
number of new Covid-19 cases in Croatia (nc), (2) 

Economic Support, Index (ESI) levels of provision of 
government funding assistance to economy and society, 
(3) Cancellation of Public Events (CPE) level imposed, 
(4) School Closing (SC) level, (5) Stringency Index – 
Average (SI), as a collated indicator of the imposed 
policies, (6) Restrictions on Gathering (RoG) level, (7) 
Closing Public Transport (CPT) level, and (8) 
International Travel Controls (ITC) level. Economic 
Support Index (ESI) is calculated on a scale of 0 to 100, 
with higher scores indicating more comprehensive and 
effective economic support provided by governments 
support to its citizens in response to the COVID-19 
pandemic [4]. The ESI is a composite index that 
considers four main categories of economic support 
measures: income support, debt relief, fiscal measures, 
and monetary measures [4]. The Cancellation of Public 
Events (CPE) index is a measure developed by the 
Blavatnik School of Government at the University of 
Oxford to track the extent to which governments around 
the world have canceled or modified public events in 
response to the COVID-19 pandemic [4]. The CPE index 
is based on data collected from publicly available 
sources, including government websites, news reports, 
and social media [4].  

 
Fig. 2. Time series of indices considered. 
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The index is calculated on a scale of 0 to 100, with 
higher scores indicating more extensive cancellation or 
modification of public events [4]. The School Closing 
(SC) level is a system used to indicate the severity of 
measures implemented to close or partially close schools 
during a pandemic or other emergency situation [4]. The 
SC level is typically based on a scale from 0 to 4, with 
each level indicating progressively more severe measures 
from no closures or restrictions in place, schools are open 
and operating as usual (SC level 0) to the total closures or 
restrictions in place where schools are closed entirely and 
all learning takes place online (SC level 4) [4]. 

The Stringency Index (SI), developed by the 
Blavatnik School of Government, measures the strictness 
of government policies in response to the COVID-19 
pandemic [4]. It uses a scale from 0 to 100, with higher 
scores indicating more stringent measures [4]. It is based 
on a composite measure of government policies that 
restrict people's behavior during the COVID-19 pandemic 
and combines nine response indicators, including school 
closures, workplace closures, travel bans, public events, 
and gathering restrictions, among others  [4]. The 
Restrictions on Gathering (RoG) level is a system used to 
indicate the severity of measures implemented to restrict 
social gatherings during a pandemic or other emergency 
situation [4]. The RoG level is typically based on a scale 
from 0 to 4, with each level indicating progressively more 
severe restrictions from level 0 with no restrictions on 
gatherings in place to the level 4 with all gatherings 
prohibited [4]. Closing Public Transport (CPT) refers to 
the decision to suspend or stop public transportation 
services in a particular area, city, or country due to 
pandemic and security concerns [4]. The typical CPT 
levels are 0 - No measures, 1 - Recommend closing (or 
significantly reduce volume/route/means of transport 

available) and 2 - Require closing (or prohibit most 
citizens from using it) [4]. International Travel Controls 
(ITC) measures include travel bans and quarantine 
requirements [4]. The ITC dataset is made from 
information on the implementation date, duration, and 
scope of the measures [4]. These measures are recorded 
on a scale from 0 to 4, where 0 indicates no restrictions 
and 4 indicates a complete ban on all international travel 
[4]. 

Time series of indices considered are shown together 
in the chart Figure 2. 

A combined view of several results of exploratory 
statistical analysis results is presented in Figure 3. The 
scatter-plot diagram is found in the lower triangle, which 
shows the fit between pairs of variables. Diagrams on 
diagonal depict estimates the experimental probability 
density function curve for every variable considered. The 
upper triangle contains correlograms of pairs of indices 
considered. None of the considered indices follows 
normal statistical distribution. 

Statistical significance of the determined Pearson 
correlation coefficients is expressed in graphical terms 
based on the related statistical test p-values, as follows: 
(i) *** denotes 0 < p < 0.001, (ii) ** denotes 0.001 < p < 
0.01, (iii) * denotes 0.01 < p < 0.05, (iv). denotes 0.05 < p 
< 0.1 and (v) no mark denotes 0.1 < p < 1. 

The analysis established that policy/measure indices 
are mostly categorical or discrete, except for SI, which 
can be expressed as a continuous variable. Overall, there 
is weak correlation between the target (nc) and the 
predictors (policy/measure indices), and modifications to 
policy/measure indices do not appear to have a 
substantial effect on the target variable. 

 

 
Fig. 3. Combined scatter-plot diagram, and correlogram of indices considered. 
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The high correlation between policy/measure 
indices suggests that they are interconnected and have 
a linear relationship. As a result, modifications to one 
policy/measure index could potentially affect the other 
indices. A normal distribution is commonly used to 
represent normal distributions, however, in this research, 
all the indices under consideration follow a non-Gaussian 
distribution, implying that the data may be skewed. The 
SI index summarizes the effects of individual 
policy/measure indices and it is hypothesized that there is 
a correlation between the target variable (nc) and the SI 
index. Therefore, changes to the SI index may have a 
more substantial impact on the target variable (nc) than 
changes to individual policy/measure indices. 

2.2 Method 
Time series of daily number of new Covid-19 cases in 

Croatia, and intensities of the eight counter-measures, 
listed in Section 2.1. are examined in the presented 
research. 

Data are assessed using the common methods of 
exploratory statistical analysis, including the correlation 
analysis [5]. Inference on adequacy and effectiveness of 
counter-measures are drawn using examination of 
diagrams of pairs of time series, scaled to reveal the 
meaning. Time series of daily numbers of new Covid-19 
cases is matched with the scaled time series of counter-
measure intensities, separately. 

Association between daily number of new Covid-19 
cases in Croatia, and the Stringency Index, presumed a 
single indicator of the overall mitigation intensity by a set 
of countermeasures, is examined using correlation 
analysis [5], as well as using lagged Granger Causality 
Index [6]. Finally, statistical significance of every 
counter-measure intensity in description/prediction of 
daily number of new Covid-19 cases is examined by 
formal application of linear regression model 
development method [7]. 

The variable importance of the predictor is examined 
using Linear regression model (LRM) importance of 
predictors. [8] Variable importance is calculated as an 
absolute t-value obtained from Formal linear regression 
model. 

3. Research results. 
During the Covid-19 outburst in Croatia daily number 

of new cases was low. Still, Croatian government decided 
to impose very strict measures to counter the spread of 
the virus. This decision was made with the rationale of 
the unknown characterization of the virus and means of 
its spread.  

Later phases of Covid-19 pandemic were not tackled 
with such a one-side approach, but in consideration of 
epidemiology, public health system, and socio-economic 
effects. 

The presented research assesses adequacy and 
effectiveness of particular counter measures on the daily 
number of new Covid-19 cases through analysis of scaled 
time series diagrams of such pairs. 

 

Scaled time series of Economic Support Index (ESI, 
blue line) and the daily number of new Covid-19 cases 
are depicted in Figure 4.  

 
Fig. 4. Effects of economic support index. 
 
Initially, the government decided to strongly support 

the economy in order to preserve the jobs. There were a 
significant number of businesses which involved close 
contact with larger numbers of people such as bars and 
restaurants that were closed. One of the aspects of this 
measure was also aimed to ease the acceptance of the 
lockdown. As the number of new cases continued to be 
low it was decided to open some of the businesses which 
enabled the government to lower the support. This 
resulted in an increased number of new cases. When the 
number of new cases increased rapidly the government 
decided to increase the support which was not as efficient 
as in the beginning of the pandemic when it mitigated the 
spread of the virus. 

Scaled time series of the effect of school closure (SC, 
skyblue line) and the daily number of new Covid-19 
cases are depicted in Figure 5. School closure at 
sufficient level (Level 2 and above), mitigates the 
transmission of disease. Lectures were mainly organized 
online with the exception of the exams. Since online 
lectures reduced the contact between lecturers and 
students, the quality of the process suffered. The 
government was closely monitoring the number of new 
cases and lowered the level of school closing with a 
decreased number of new cases. It can be seen that 
insufficient level of School closure may even instigate 
disease. 

 
Fig. 5. Effects of school closure. 
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Time series of the effect of the Stringency Index (SI, 
green line) and the daily number of new Covid-19 cases 
are depicted in Figure 6. Stringency Index higher or equal 
to 60 tackles the outburst efficiently and successfully. 
Lower SI levels may be efficient on smaller outbursts. 

 
Fig. 6. Effects of stringency index – average. 
 
Scaled time series of the effect of Reduction of 

Gatherings (RoG, spring green line) and the daily number 
of new Covid-19 cases are depicted in Figure 7. Level 3 
and above may be seen as successful in mitigation of 
outbreaks. Lowering levels in situations of raising the 
number of infections produces counter effects, instigating 
the outbreak. 

 

 
Fig. 7. Effects of reduction of gatherings. 
 
Scaled time series of the effect of Closing Public 

Transport (CPT, violet line) and the daily number of new 
Covid-19 cases are depicted in Figure 8. Even a moderate 
level of public transport suspension appears as efficient in 
tackling the outbreak, despite the mandatory face masks 
usage. 

 
Fig. 8. Effects of closing public transport. 
 
Scaled time series of the effect of International Traffic 

Controls (ITC, red line) and the daily number of new 
Covid-19 cases are depicted in Figure 9. A sufficient 
level (Level 3, or above) should be imposed to tackle the 
outbreak efficiently. ITC of a sufficient level should be 
imposed for a month, at least, to produce effect. 

 
Fig. 9. Effects of international traffic controls. 
 
The cause-effect relation between numeric indices of 

new cases and Stringency Index is examined using lagged 
Granger Causality Index, as depicted in Figure 10. No 
formal effects caused on the number of new cases by the 
Stringency Index was found. 

 
Fig. 10. Cause-effect relation between numeric indices nc 

and SI. 
 
The cause-effect relation between numeric indices of 

Stringency Index and new cases is examined using lagged 
Granger Causality Index, as depicted in Figure 11. 
Formal effects of the number of new cases on Stringency 
Index found with a delay of approximately 3 months. 
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Fig. 11. Cause-effect relation between numeric indices nc and 
SI. 

 
Analysis of the linear regression model of nc as a 

function of SI showed poor performance. SI is not a 
statistically significant predictor of nc. The Breusch-
Godfrey test with a lag order of 10 was used to detect the 
presence of auto correlation in the residuals of a 
regression model. [9] Test result returned p-value less 
than 2.2e-16. Low p-value indicates that there is evidence 
of serial correlation in the residuals.  

Furthermore, various structures of the linear 
regression models emphasize particular indicators over SI 
in description/prediction of daily number of new Covid-
19 cases, and, consequently, the adequacy and efficiency 
of the applied counter-measures. 

Formal Linear Regression Model with all predictors 
concerned was introduced. Results are depicted on Figure 
12. Model gives a relatively good bias description. Model 
also gives poor variance description. Larger p-values 
suggest that CPT is not statistically significant and SI is 
barely significant. 

 
Fig. 12. Formal Linear Regression Model with all predictors 

concerned. 
 
Similar analysis was done with the CPT variable 

removed from the model, as depicted in Figure 13. This 
model gives a relatively good bias description. Model 
also gives poor variance description. Larger p-values 
suggest that SI is not statistically significant. 

 
Fig. 13. Formal Linear Regression Model with all predictors 

concerned, except CPT. 
 
Similar analysis was done with the CPT and SI 

variable removed from the model, as depicted in Figure 
14. This model gives a relatively good bias description. 
Model also gives degraded variance description ability. 
All predictors are statistically significant. 

 
Fig. 14. Formal Linear Regression Model with all predictors 

concerned, but CPT, SI. 
 
Linear regression model (LRM) importance of 

predictors is depicted in Figure 15. 

 
Fig. 15. LRM importance of predictors. 
 
Importance of predictors is calculated as an absolute t-

value from Formal Linear Regression Model with all 
predictors concerned.  

Reduction of Gatherings and Cancellation of Public 
Events are the most efficient policies in tackling 
outbreaks. Imposing the others may have the expected 
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and wanted effects, when applied in particular timing, 
and the enforcement level. 

4. Discussion and conclusion. 
The presented research aimed at identification of 

productive counter measures, and their productive 
intensity levels, as a lessons-learnt experience with 
potential use for policy- strategy-development support, in 
potential similar future situations. 

The presented research aimed at assessment of 
adequacy and effectiveness of the Covid-19 pandemic 
counter measures in the case study of the Republic of 
Croatia.  Scaled time series of the counter measures were 
compared with a number of new cases to assess adequacy 
of each countermeasure. Statistical significance of 
effectiveness of a counter-measures was assessed with 
Formal Linear Regression model. Reduction of 
Gatherings and Cancellation of Public Events are the 
most efficient policies in tackling Covid-19 outbreaks. 
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3.1. Dataset 
The dataset consists of flight records of Griffon 

Vultures flying over Kvarner Bay, mostly over the 
islands Krk and Cres, from the MoveBank website. The 
file is part of the research done for the LifeTrack Griffon 
Vulture Croatia study. The goal of the study was to 
follow re-released Vultures from the care center in Beli, 
on the island of Cres, and measure their flight behaviour 
[1].  

Of the many values recorded in one measurement, we 
only focused on UTM (Universal Transverse Mercator) 
easting and UTM northing coordinates as they are used 
for creating a trajectory, as well as the timestamp. The 
timestamp is optional, but it is necessary if an accurate 
calculation of speed and acceleration for the trajectory is 
needed. We used UTM easting and UTM northing 
coordinates instead of latitude and longitude, which were 
also available in the recorded measurements because the 
functions in the trajr library only work with UTM easting 
and UTM northing coordinates. Conversion of latitude 
and longitude into UTM easting and UTM northing 
coordinates is also possible, but it was not necessary 
since the recorded data already contained both values. We 
used latitude and longitude to draw a line on a map 
representing the movement of the Griffon Vulture to 
better illustrate the data we are working with. 

We decided to group the measurements by date and 
consider them a single trajectory since our goal was to 
observe the daily habits and routines of Griffon Vultures. 
Records were sorted by date in ascending order, and then 
by time in ascending order.  

Before a trajectory can be created from UTM easting 
and UTM northing coordinates, the timestamp that they 
are linked to must be converted from a date and time 
format into a single number that represents the elapsed 
time in seconds from the chosen starting point. This is 
necessary to correctly estimate speed and acceleration for 
the trajectory. Milliseconds were not recorded. 

3.2. Trajectory features 
For each trajectory, diffusion distance, straightness, 

duration of travel, mean travel velocity, and fractal 
dimension is calculated. These features of each trajectory 
were statistically analysed, as described in the rest of this 
document. The preprocessing of data, the calculation of 
the described trajectory features, and the subsequent 
division of the trajectory with the largest diffusion 
distance into hour-long trajectories to observe the habits 
of Griffon Vultures in a single day is described in Figure 
1. 

1) Velocity 
 
Velocity can only be measured on a segment of the 

trajectory between two points. There are three ways to 
define velocity in a single point instead of a segment. If 
only the velocity of the segment preceding the point is 
considered, we need to specify this in the function 
TrajVelocity from the trajr library using "backward" as 
the value of the diff parameter. If only the velocity of the 
segment following the point is considered, we use 
"forward" as the value of the diff parameter. If the 
arithmetic average of the velocity of the segment 
preceding the point and the velocity of the segment 
following the point is calculated, we use "central" as the 
value of the diff parameter. Since the "forward" and 
"backward" method can produce misleading results in 
case of a sudden and large change in velocity, the 
"central" method is the default approach if the diff 
parameter of the function TrajVelocity from the trajr 
library is not specified. We decided to use the "central" 
method as well due to the uncharacteristically large 
values for the speed of the flight of the Griffon Vulture 
which the "forward" and "backward" methods produced. 
The large values are most likely due to wind gusts, 
calculation errors, or measurement errors. 

 

 
Fig. 1. Data preprocessing, calculation of trajectory features and division of the trajectory with the largest diffusion distance into 

hour-long trajectories. 
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2) Fractal dimension 
 
The fractal dimension has been proposed as a 

valuable measure for straightness or tortuosity, with 
values ranging between 1 (representing straight line 
movement) and 2 (movement that frequently changes 
direction). However, research has shown that using 
fractal dimension as a measure for animal trajectories is 
problematic because animal trajectories are not fractal 
curves. Because of this their fractal dimension strongly 
depends on the variable range of step sizes used for the 
calculation [b2]. Despite these limitations, fractal 
dimension is still commonly calculated. The modified 
'dividers' method [3] is used by default in the 
TrajFractalDimension function to adjust for truncation 
error and the corresponding equation for the 'dividers' 
method is contained in equation 1. By recommendation of 
Nams [4], this function compensates for the 
overestimation of D by default. This is done by walking 
the dividers backward and forward. After the final step, 
the length of the path that remains is estimated. 
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In order to calculate fractal dimension, a range of step 
sizes that will be used for all trajectories must be defined. 
The TrajLogSequence function from the library trajr was 
used to return a sequence of 10 points which are regularly 
spaced between 0.1 and 3 when plotted on a logarithmic 
axis. Only 10 points were used because computational 
complexity and execution time increases significantly 
with a larger number of points. A test must be conducted 
to ensure that the trajectory is a fractal curve for the given 
step sizes. This is done by using the function 
TrajFractalDimensionValues which returns path lengths 
for a given trajectory and a range of step sizes. If the 
relationship between step size and path length is linear, 
then the trajectory is a fractal curve for the given range of 
step size. With a process of trial and error, we settled on 
the range of step sizes between 0.1 and 3 because the 
relationship between step size and path length was linear 
for all tested trajectories in this range.  

 
Fig. 2. Relationship between step size and path length. 

 
In order to demonstrate this, one curve representing 

the relationship between step size and path length was 
plotted, as shown in Figure 2, along with a 45-degree 
reference line, for a trajectory that covers a whole day 
and has the largest diffusion distance. This can be seen in 
Figure 2. For larger step sizes, nonlinearity was observed. 
Additionally, some short trajectories could not support a 
step size larger or equal to 4. 

3) Straightness 
 
Trajr contains several built-in methods for measuring 

the straightness or tortuosity of trajectories. One of these 
methods uses the simple D/L formula, where D is the 
distance between the trajectory's start and end, while L is 
the trajectory's length. The TrajStraightness function 
calculates the straightness index in this manner. The 
straightness index obtained with this function ranges 
from 0 to 1, with 1 indicating a completely straight line. 
Some sources [5] consider this value to be a reliable 
indicator of efficiency if applied to a directed walk, even 
though it is not applicable to random trajectories. Others 
[6] approximate the straightness index with the length of 
the mean vector of turning angles (r) after rediscretization 
to a constant step length. 

As animal movement trajectories are not random 
trajectories, but are usually directed walks towards some 
goal in the environment, the simpler straightness index 
defined by D/L and calculated by the function 
TrajStraightness, was used in this paper. 

3.3. Statistical analysis 
The minimum, first quartile, median, third quartile, 

maximum, standard deviation, and variance are 
calculated to help estimate a continuous distribution from 
the data in further processing. The statistical analysis of 
each trajectory feature with all the calculated parameters 
and estimated distributions is described in Figure 3. 

3.4. Estimating a continuous distribution 
Histograms are created for each feature of the 

trajectories. A line representing the estimated kernel 
density is drawn along with the histogram. Lines that 
represent the probability density of the estimated normal, 
log-normal, exponential, Gamma, and Weibull 
distributions are also drawn. Before a continuous 
distribution can be estimated, duplicate values must be 
removed from the data.  

Any missing and infinite values must be removed as 
well. We test if the data fits the estimated continuous 
distributions using the Shapiro-Wilk test for the normal 
distribution and the Kolmogorov-Smirnov test for the 
normal as well as all the other estimated distributions. If 
the p-value is less than the alpha value of 0.05, the initial 
hypothesis that the data fits the estimated continuous 
distribution is rejected. 
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Fig. 3. Statistical analysis of trajectory features with calculated parameters and estimated distributions. 

 
1) The log-normal distribution 
In the log-normal distribution, the logarithm of the 

variable is normally distributed. Thus, �A�T�L�:�ä�;  equals the 
median of the data, and �A�T�L�:�ä 
E

�� �.

�6
�; equals the mean of 

the data. We can calculate the median and the mean of 
the data and use these values to calculate �� and �1 for the 
estimated log-normal distribution, as illustrated in the 
relations established in the previous sentence. 

 
2) The exponential distribution 
In the exponential distribution, the inverse value of 

the rate parameter is equal to the mean of the data. The 
inverse value of the rate parameter is equal to the scale 
parameter. We can use this knowledge to estimate the 
rate (��) and the scale parameter for the estimated 
exponential distribution. 

 
3) The Gamma distribution 
In the Gamma distribution, the mean value of the data 

is equal to the product of the shape (k) and scale (��) 
parameters, or k��. The variance of the Gamma 
distribution is equal to the product of the shape parameter 
and the square of the scale parameter, or k��2. We can 
calculate the variance and the mean of the data and use 
these values to calculate the shape and scale parameters 
for the estimated Gamma distribution, as explained in the 
relations established in the previous sentence. 

 
4) The Weibull distribution 
Instead of a step-by-step calculation, the function 

eweibull from the EnvStats library was used to estimate 
the shape (k) and scale (��) parameters for the Weibull 
distribution in order to simplify the code. 

3.5. Analysis of hour-long trajectories 
After the analysis was complete for all the trajectories 

that cover a full day, the trajectory which has the largest 
diffusion distance was identified. This trajectory, which 
covers a full day, was divided into smaller trajectories. 
The motivation for creating shorter trajectories was to 
determine whether there was any change in the activity of 
Griffon Vultures within a single day, and not exclusively 

over the course of several days. We chose the date with 
the largest diffusion distance because this would give us 
more data to analyse. This analysis was not repeated for 
each day because of time constraints. The goal was to 
choose smaller trajectories that have a duration of 
approximately one hour. Any larger duration would be 
too close to a full day. Any shorter duration would have a 
very small number of points and a very small diffusion 
distance, so calculated velocity and other values would 
not be accurate and would not reflect the data as a whole. 

These small trajectories were created by adding points 
to a trajectory one by one until the duration of the 
trajectory became larger or equal to 3500 seconds, at 
which point the created trajectory was saved and a new 
one began. This was done in order to create trajectories 
that had a duration as close as possible to one hour. If we 
had chosen to terminate trajectories once the duration 
exceeded or became equal to exactly 3600 seconds, the 
duration of each trajectory would have been significantly 
larger than the desired hour. This happens because the 
average time between measurements is quite large when 
compared to an hour, usually several minutes. Once these 
new shorter trajectories are created, the same features are 
calculated and analysed in the same way it was done for 
the longer trajectories. 

4. Results 
The results obtained from the analysis of trajectories 

confirmed our thesis on the movement of griffon vultures. 
Griffon vultures move by soaring, and this is evident 
from the results that show a low speed of movement. The 
outliers in speed show that anomalies, such as strong 
wind, can increase the soaring velocity. It can also be 
seen that the movement trajectories of griffon vultures 
have low straightness which confirmed the thesis of 
circular soaring for finding food. The fractal dimension is 
~1, which means that the griffon vultures movement did 
not deviate from their desired path very often. The 
duration of daily trips is measured for ~12 hours. The 
graphical representation of trajectories is shown in Figure 
4 where the blue line shows the trajectory with the largest 
diffusion distance and the red line showing all trajectory 
points of all days. 
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Fig. 3. Griffon Vultures trajectories. Blue showing the trajectory with the largest diffusion distance and red showing all trajectory 

points of all days. 

The statistical analysis of all trajectories can be found 
in Table 1 and the statistical analysis of the specific date 
2016-06-03 can be found in Table 3.  

In Table I it can be seen that Griffon Vultures fly 
almost 600 meters on average with a trajectory that has 

an average straightness of 0.8125. The central velocity 
shows that the average speed of Griffon Vultures in the 
Kvarner Bay area is less than 1 m/s which confirms the 
hypothesis of them flying at low speed.  

 

Table 1. Observed features of trajectories and p-values. 

Name Min Q1 Median 
Arithmetic 

mean Q3 Max Variance St. dev. 
Diffusion distance (m) 0.78358 4.35953 7.17817 587.2926 11.80907 25526.165 9896147 3141.52 
Straightness 0.0001 0.00381 0.00965 0.08125 0.03241 0.98585 0.03444 0.18558 
Duration 28782 41375.5 41375.5 41124.73 41391.25 53973 10895691 3300.862 
Mean velocity  
(central) (m/s) 

0.00013 0.01523 0.04085 0.53539 0.14121 52.96057 22.38886 4.73167 

Mean velocity  
(forward/backward) (m/s) 

0.00022 0.02106 0.07847 0.13891 0.16444 1.97052 0.06416 0.25330 

Fractal dimension 1.00011 1.03526 1.04811 1.04811 1.06461 1.11115 0.00053 0.02312 
 

Table 2. Observed features of trajectories and p-values. 

Distribution Normal Normal Log-normal Exponential Gamma Weibull 
Test Shapiro-Wilk Kolmogorov - Smirnov 

Diffusion distance (m) < 2.2e-16 < 2.2e-16 4.848e-8 < 2.2e-16 < 2.2e-16 4.808e-11 
Straightness < 2.2e-16 < 2.2e-16 0.00197 < 2.2e-16 2.472e-11 0.00816 
Duration 2.425e-10 1.579e-7 8.677e-9 < 2.2e-16 3.888e-7 1.09e-7 
Mean velocity  
(central) 

< 2.2e-16 < 2.2e-16 0.02924 < 2.2e-16 < 2.2e-16 0.00947 

Mean velocity  
(forward/backward) 

< 2.2e-16 1.103e-9 0.00301 0.00557 8.161e-10 0.6163 

Fractal dimension 0.0214 0.5864 0.00558 < 2.2e-16 0.5525 0.6307 
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Table 3. Statistical analysis of trajectory features for 2016-06-03. 

Name Min Q1 Median 
Arithmetic 

mean Q3 Max Variance St. dev. 
Diffusion distance (m) 7.2619 35.61172 2434.5412 3021.966 2824.16292 12404.78795 16060629 4007.571 
Straightness 0.24061 0.42038 0.68374 0.66793 0.98122 1.0000 0.09571 0.30937 
Duration 1770.00 3590.50 3600.50 3417.2 3607.75 3622.00 335189.1 578.9552 
Mean velocity  
(central) (m/s) 

0.00487 0.01223 0.59749 1.21629 1.56179 5.521138 3.04297 1.74441 

Mean velocity  
(forward/backward) (m/s) 

0.00486 0.02431 0.72097 1.55584 2.1577 7.96301 6.08095 2.46595 

Fractal dimension 1.00000 1.00007 1.00022 1.00781 1.00404 1.0443 0.00024 0.01542 
 

Table 4. Observed features of trajectories and p-values for 2016-06-03. 

Distribution Normal Normal Log-normal Exponential Gamma Weibull 
Test Shapiro-Wilk Kolmogorov - Smirnov 

Diffusion distance (m) 0.004759 0.2324 0.05899 0.08191 0.2252 0.3083 
Straightness 0.07501 0.6423 0.08154 0.2317 0.5789 0.5741 
Duration 1.834e-7 0.00741 0.00919 0.00241 0.00459 0.00457 
Mean velocity  
(central) 

0.00324 0.5163 0.06521 0.0885 0.3868 0.6829 

Mean velocity  
(forward/backward) 

0.00047 0.212 0.08607 0.1104 0.8097 0.7359 

Fractal dimension 4.57e-5 0.07513 0.00791 0.00023 0.07691 0.09094 
 
For the fractal dimension, since the griffon vultures 

have an intended destination in mind and do not alter the 
direction of their movement, even the maximal value is 
near 1. 

 

 
Fig. 5. Trajectory features histograms. 
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In the Table 3, the date with the longest diffusion 
distance is presented which is ~12405 meters. The 
straightness is, as in the last table, a value that 
corresponds with low straightness, and in this case with a 
maximal value of 1. It can be seen, that on this day, the 
average Central velocity is low, with an average value of 
1.2 m/s. The fractal dimension has a maximal value of 
1.0433 and thus confirms that the movement does not 
change course significantly. 

Based on the fact that a lot of natural phenomenons 
behave according to a distribution, we performed 6 tests 
for 5 different distributions to check if the griffon vulture 
movement will be distributed to one of these 
distributions: Normal, Log-normal, Exponential, Gamma 
and Weibull. For the normal distribution we performed 
the Shapiro-Wilk and Kolmogorov-Smirnov test, while 
for all other distributions, the performed test is the 
Kolmogorov-Smirnov test. 

The results of the observed characteristics of the 
trajectories and their p-values are presented in Table 2, 
while the observed characteristics and their p-values of 
the date 2016-06-03 are shown in Table 4. 

The bold values of the results in the given table 
indicate that the hypothesis H0 is not rejected, i.e. that the 
p-value is greater than 0.05.  

The histograms for each trajectory feature can be 
found in Figure 5. 

5. Discussion and conclusion 
Based on our research, the Griffon Vulture movement 

in the Kvarner Bay wasn't yet statistically analysed, so 
the importance of this paper is to show their movement 
trajectories which could help in studying them and 
monitoring changes with the goal of saving the species. 

The trajectory analysis of Griffon Vultures shows that 
they usually move slowly, searching for food on the 
ground with circular trajectories. However, their 
movement speed can increase with strong wind. 

In the future, this work can be extended to compare 
the flight behavior of Griffon Vultures in the Kvarner 
Bay with the flight behavior of Griffon Vultures in the 
Alps and Himalayan Vultures. The project could be 
expanded to include a graphical interface where users can 
select a date from a drop-down menu and download the 
data described in the paper for that chosen date. The 
downloadable data would include the values obtained by 
statistical analysis in a tabular format as well as all the 
generated charts in the form of images. 
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